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Figure 1. Location of the study area between Markazi and Hamedan provinces
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Table 1. The amounts of developed network ANN (MLPLM)
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Table 2. The amounts of developed network ANN (MLPBFG)

sl e [ggs
83959 Y 50 la g, dlaas Y
e sy sl Y
o Y 3 by ol 4
29 &Y o gy sl )
3 s Quasi-Newton
Uijeel &l Trainbfg
- Tansig for hidden layer
b gl Purelin for output layer

9 2 blie jl g Adbioe (ootan (uas &b g 5B
(Eoman mas a4 gy S e edlil by,
ey ol 2 g ee odlatul (3 Jae ()5 alke sl
9 ol Waiiie ()5 Ay lod (Sguan mas 4L
LS (s3B95 b9y 2 WS (o0 dinie |y S8 G
o (b bl ol (pgp o g5l 5B ) Sl lpee
Y S5 50 (YY) 5,8 eolatl canl o b ol o] g5
95 i 9l ohent $Slo gy gl adpe 558 e
Gl 04 031> uL‘*" ‘_’J\ J.\Lm (emas —d)‘lé J.\.o o

)

J.\a )I zL_g-}L.a.n— vt 41»4» dL&:JJ«o » 09)'{.0
Cdd Gweipi @l cudS ileJse sl 30 ANFIS
LSLE‘G\A-W L»S): uolw‘ 2 u.u...wl A5 oolaw! ubz.wf

Jbo 2 Jang bwg ()6 glitel whumw 5 (Sotas (s
EF 2 45 diud Y g uge 5 SHlosiBU )8
Jdo oyileB 5,9, oyl 55 a8 e dlul I ANFIS (g)lase
S99 0o b anbiee dnwg (bjgel anld Jsb )3 (6
JE g phiGels S (jlgy by w8l 39y9 9
s il WolS” 5 Sl blod a4y oS cunl Sjg0l
b9y S S5 Sl )3 gy ol el 6 gl

4 w ————— =PI+ gV +
T/‘\‘:ﬂ'/’"\:‘:‘ T g

¥

T:“/?(_X\_n_ _{_]B;‘(Dri_-_-_—: W, fy = pE e @y,

W, W,
=W+ Wars

_ o oo ANFIS e 5 5308 (8 50 b 555 Jyl 4350 538 Jao =Y S5
Figure 2. The first model sugeno fuzzy model with two rules and its equivalent ANFIS system

Table 3. The amounts of developed ANFIS network
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Figure 3. Trend test of spatial variability of EC and pH of groundwater of Komijan Plain
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Table 4. The result of semi-vibrational assessment of groundwater quality variables
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Table 5. The results of geostatistical methods in estimating groundwater quality variables
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Figure 4. The distribution of estimates of groundwater quality variables and their actual values for the pH variable
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Extended Abstract

Introduction and Objective: Nowadays, with development of urban, industrial and
agricultural, apply of groundwater is more important. So sustainability and development the
exploitation of groundwater for types of different customers and goals, it is necessary that
guantitative and qualitative characteristics it be investigated and evaluated.

Material and Methods: Fuzzy Adaptive Neural Network (FANN) and Geostatistical method
on based Geographic Information System are used for Komijan plain, Markazi province, Iran.
The first, data 36 wells was collected from Rural Water and Sewage Company. Then using semi
variogram types such as: gussian, linear, spherical and also Kriging and Co-Kriging methods,
geostatistical model was evaluated using indicators: R? and RMSE. Then, for Fuzzy Adaptive
Neural Network model Membership functions such as: triangular, generallzed bells and
gaussian was investigated and the best model was determined using indicators: R* and RMSE.
Results: According to results R? and RMSE in geostatistical, spherical, linear and exponential
modle was selected as best for EC, TDS and pH variables, repectively. Also on based semi
variogram, Kriging method has a better performance than the cokriging method for all studied
variables with high determination coefficient 0.73, 0.66 and 0.85 respectively for EC, TDS and
pH and lower in RMSE. The results showed in Fuzzy Adaptive Neural Network, EC variable,
the fuzzy generalized bell function with a correlation coefficient of 0.98 and mean square error
of 144.59 in the test stage, is good. For TDS variable, gaussian function with a correlation
coefficient of 0.98 and mean square error of 0.33 119 at the test stage is best. also for pH
variable, the generalized bell function with a correlation coefficient of 0.99 and mean square
error of 103.10 at the test stage has a better performance than other fuzzy functions in the
modeling. By comparing the results of Geostatistical and Fuzzy Adaptive Neural Network, it
can be seen that the FANN model has a higher efficiency than Geostatistical model.
Conclusion: Regarding the results of zoning maps, it is shown that in the northern part of the
plain, EC has low, while in the central and west, EC is above 2000 pSiemens/cm. Also for TDS
variable, t is low in the northern part of the plain, while in the south and southwest, is above
1000 mg /lit. Alos changes in pH value showed that variation of this variable is low and the
highest level of pH is in the northern part and the lowest in the southern part.

Keywords: Artificial Neural Network, ANFIS, Co- Kriging, Electrical Conductivity, Kriging
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