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1-Back Propagation

2- Multi Layer Perceptron 3- Run Test
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Table 1. Location of the weather station of the Khuzestan province (11)

(50)up oo 5l )] il b

sl oy ol pl

£A3,0 a-°¥f' voovs! S 9
Aee vea-.’ Ay Cubim
5. BV Y.oas' Sowl

30°30'0"N 30°35'0"N 30°40'0"N 30°45'0"N 30°50'0"N 30°55'0"N 31°0'0"N 31°5'0"N 31°10'0"N 31°15'0"N 31°20'0"N 31°25'0"N 31°30'0"

o
<;\L¥ J T

Kt%(: ’\F‘E;:/;«i(\?
V\\' | \

(\\)@um'g)'; laie -\ S5

Figure 1. Area of study (11)
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1- MATLAB

2- Levenberg — Marquardt
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Table 2. The correlation between Idenak Debi and climate parameters with a delay of one day
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Table 3. Specifications of selected modelsin Multiple Regression
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Table 5. Flood prediction Resultsin Multilayer perceptron and Radial base of Neural Network
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Figure 3. Actual values of Debi with blue lines and predicted values of Debi with red linesin Multiple Regressions
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Abstract

Flood is a kind of natural disaster which causes financial damages and fatality for people.
Every year, especially in areas like Maroon river basin which have changes in precipitation and
temperatures, aong with frequent and severe floods. This study aimed to identify the climatic
parameters on flood area can be efficiently artificia neural network, better methods applied in
anticipation of this event. The method used in this study to predict the process, multilayer
perceptron neural network and radia basis that these two neural networks with multiple
regression results were compared. Therefore, climatic daily data in 16 years cycle from four
stations: Idnak, Dogonbadan, Dehdasht and yasouj (23 September 1994-22 September 2009) are
used. By study of correlations between climatic parameters and discharge of Maroon River,
effective parameters on flood are determined and multiple regression is used because of
determination of effective entrance on flood and comparing the results with the neura network.
Study of the results shows that multilayer Perceptron (MLP) aong with training al gorithm after
flowing the error have 0.73 correlation in training process and in test process Is 0.68 and also
measure of NRMSE in training process is 0.57 and in test process is 0.66 that known as the best
model for predicting storm water. Comparing the results of regression and neura network
shows that neural network have a higher correlation than the regression, thus in neural network
actual data and predicted data have more conformity than accomplished regression model.

Keywords: Climatic Parameters, Catchment Basin, Multilayer Perceptron (MLP), Multivariate
Regression, Radial Base
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